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Fig. 1. Installation of Kiss/Crash: a collection of three pieces that use AI image-translation to meditate on the
nature of desire in the age of AI. On the central screen is the audio-visual piece Kiss/Crash, in which a car
crash is turned into a kiss, projected on either side of the central screen isMe Kissing Me, a video in which the
artist in a slow kiss with himself is transformed via AI, and central within the space is Crash Me, Gently, an
interactive installation consisting of a television and foot pedal that allows viewers to accelerate the intensity
of the kiss on the screen. (© 2022 Adam Cole and Hannah Burton)

This paper describes the art installation of Kiss/Crash: a multi-screen work exploring the subject of AI-imagery
and representation as well as the autobiographical themes of loneliness, desire, and intimacy in the digital
age. The installation consists of three individual works in a shared space, Kiss/Crash, Me Kissing Me, and
Crash Me, Gently, which all play with augmenting, inverting, and negating the iconic image of the kiss using
diffusion-based image translation. In the production of this work, several potentially novel video translation
techniques were developed and refined to create high-quality results central to these pieces. Throughout our
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research, we reflect on the nature of images and place diffusion models within a history of image-production
technologies that artists have been contending with and responding to for the past one hundred years. This
paper aims to extend that artistic tradition with a provocative, original aesthetic and technique that reveals
the logic of AI imagery and hints at how our relationship to reality will continue to be stretched and shaped
by artificial representations at an accelerating pace.

CCS Concepts: • Computing methodologies → Neural networks; Animation; • Applied computing →
Media arts.

Additional Key Words and Phrases: diffusion models, generative AI, image-to-image translation, video transla-
tion, fine art
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1 INTRODUCTION
1.1 Motivation
The creation of Kiss/Crash, an audio-visual installation presented in Figure 1, was motivated by the
recent proliferation of AI-generated content. In a world already drowning in images, the oncoming
tidal wave of AI-generated “art” is reason for pause, if not outright concern. This is not just because
of the ethical questions underlying the technology [Lee 2022], but because images are incredibly
powerful: their ability to entertain, delight, and inspire is matched by their potential to misinform,
control, and incite [Manghani et al. 2006].

The debate on the benefits and dangers of images has existed for hundreds of years but became
especially vital in the post-industrial 20th century, when the production, distribution, and con-
sumption of images became deeply tied to technological advancements like photography, mass
media, and instant visual communications [Manghani et al. 2006].

This discourse can easily be extended into the 21st century, especially in relation to AI-generated
images. For example, it is not a difficult mental leap to imagine how an image-generatingmachine fits
neatly within the logic of late capitalism [Jameson 1992], exaggerates the experience of hyperreality
[Baudrillard 1994], or amounts to another evolution of spectacle [Debord 2005]. However, one
view of specific critical importance here is Susan Sontag’s On Photography where she describes our
modern relationship to images as follows: “A society becomesmodern when one of its chief activities
is producing and consuming images, when images that have extraordinary powers to determine
our demands upon reality, and are themselves coveted substitutes for firsthand experience, become
indispensable to the health of the economy, the stability of the polity, and the pursuit of private
happiness” [Sontag 2019].
If we are to accept that images have these extraordinary powers, how will a technology which

can generate endless images in an instant impact our economy, polity, and pursuit of happiness?
And, how then, are artists expected to use this technology responsibly?

While there is no right answer, we’d benefit greatly by recognizing that this technology is
revolutionary in its capabilities but familiar in the questions it raises about the nature of images,
representation, and authenticity. As such, we can look to past art movements which responded
to these same questions for strategies in confronting the core issue. Relevant examples include
Dada collage, Pop Art appropriation, and Postmodern pastiche. In all these cases, artists used the
prevalent image-making technology of their time and translated those images in some way that
both highlighted societal issues and revealed something unspoken about the way that technology
worked.
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1.2 Research Goals

Using these artists as inspiration, our research question is how the di�usion-based image translation
process can be applied in a self-re�ective way that reveals something true about AI-generated
imagery and our digital culture in general. Additionally, how can this technique be used to address
the artistic themes of particular interest to us, speci�cally interrogating the way intimacy is mediated
through technology and the gap between real experience and its arti�cial representations?

Fig. 2. From le� to right, an example of Dada [Hausmann 1919], Pop [Warhol 1962], and Postmodern [Kruger
1987] art whichtranslatesexisting imagery into self-reflective, critical art. (© 2020 ADAGP, Paris and DACS,
London,© 2018 The Andy Warhol Foundation for the Visual Arts, Inc. / Artists Right Society, New York and
DACS, London,© 1987 Barbara Kruger)

2 RELATED WORKS

Di�usion-based models are a class of generative AI models that exploded in popularity after the
release of text-to-image software such as DALL-E2, MidJourney, and Stable Di�usion [Marche
2022]. The generative di�usion process, as de�ned in [Ho et al. 2020] works by incrementally
destroying a data sample through small additions of Gaussian noise and then training a model to
learn how to reverse that noising process. The result is a model able to progressively move from
complete noise toward a clean sample representative of the dataset.

Image translation introduced by [Meng et al. 2021] and further developed by [Rombach et al.
2021] allows us to modify an existing image by applying some degree of noise to the original and
then denoising that image while guiding the result toward a text prompt as seen in Figure 3. For
video translation, we break the input video into individual frames, run image translation on each
input frame, and regroup the generated images into a new video.

Engineers and artists have experimented with this technique using open-source tools like Dis-
coDi�usion [Crowson 2021] to develop experimental video art [Rainisto 2022], cinematic special
e�ects [@CorridorDigital 2022], and 3D environments [@ScottieFoxTTV 2022]. However, image
translation has been a rich topic in generative-AI long before the recent focus on di�usion models
with techniques such as style transfer [Gatys et al. 2015] and pix2pix [Isola et al. 2016]. Two relevant
projects which use image translation to critically probe AI networks areAuto-Encoding Bladerunner
[Broad and Grierson 2017], which exposes the imperfect way generative systems encode and
represent �reality�, andLearning to See[Akten et al. 2019], which reveals the learned bias of AI
networks and how that re�ects our own self-a�rming cognitive biases.

These two works are by no means an exhaustive review of critical art using AI image translation.
Rather, these projects provide a good blueprint for merging technical research with the creation of
a visual art that re�ects on the very nature of the images generated. We will use a similar method
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Fig. 3. Example of image-to-image translation with the prompt, �A fantasy landscape, trending on artstation�.
Le� is the original, and right is the result. [Rombach et al. 2021] (© 2022 Computer Vision LMU Munich)

in our research into di�usion models and their artistic potential, eventually arriving at the �nal
production ofKiss/Crash.

3 PROCESS

To achieve the results inKiss/Crash, we developed and re�ned several potentially novel video
translation techniques over the course of several months through small targeted animation studies
outlined in [Cole and Grierson 2022]. Some of these techniques concurrently emerged through
various open-source tools including [Crowson 2021] and [Deforum 2022], which we adapted and
combined to achieve the original, high-quality results seen in these works. While a detailed survey
of the issues and solutions used in this process can be reviewed in the full technical report [Cole
and Grierson 2022], the high-level challenges and discoveries are outlined here.

The di�culty with di�usion-based video translation is that while each generated frame needs to
be a successful translation of the input frame, the video as a whole needs to maintain temporal and
aesthetic coherence. This means each translated frame needs to relate to the original input as well
as the other frames already generated.

One such technique to handle this problem isframe-blending, where the input frame to be
translated is blended with the previously generated output. We then pass the blended input through
the di�usion process, a trick that allows for more temporal coherence by relating the new image
not just to the input frame but to the frame that will play before it. We also made use ofWarpFusion,
a technology developed by Alex Spirin [Spirin 2022], which extendsframe-blendingby also using
optical �ow maps to enhance temporal coherence across the generated video. Finally, we used
DreamBooth[Ruiz et al. 2022], a tool that allowed us to �ne-tune a Stable Di�usion model on a
small set of iconic Hollywood kisses. This focused the stylistic and compositional results of the
di�usion process leading to more temporal and aesthetic coherence. The combined results of these
techniques can be seen in Figure 4.

In addition to making the video results smooth and coherent, we also developed some techniques
to make the process of AI image translation legible in the results. One such technique wasstrength-
scheduling: as each clip progresses, more di�usion steps are applied to each input frame, resulting
in a video that incrementally transforms from the input video to the prompt over time, as seen in
Figure 5. We also usedprompt-interpolation, which gradually morphs the prompt used to guide the
image translation, allowing the video to smoothly transition through various scenarios, as seen
in Figure 9. Lastly, we post-processed the raw generated clips usingframe-interpolationsoftware
[Reda et al. 2022], which helps smooth out the video and enables the works' cinematic, slow-motion
aesthetic.
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